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ABSTRACT
This tutorial addresses the acquisition of emotions and personality
for recommender systems. It is composed of two parts: (i) a short
theoretical overview of emotions and personality and (ii) a hands-
on part, in which we will learn how to build an end-to-end system
for acquiring personality and emotions for recommender systems.
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1 INTRODUCTION
Some items, such as movies or music, are strongly related to the
human psyche. Psychological constructs, such as personality and
emotions are related to user preferences and decision-making and
should be hence considered when designing recommender systems.

Related work has shown that music preferences are correlated
with personality [3]. For example, people who score high on the
personality trait openness tend to prefer reflexive and complex
music, such as classical, jazz, blues or folk.

Furthermore, entertainment content, such as movies and music,
are made with the intent to provoke emotional responses. For ex-
ample, music listening induces emotional responses [7] and these
emotional responses are manifested through facial expressions [6].

The spectrum of evoked emotions is wide, for example there
are funny movies, horror movies, dramas with sad endings etc. In
most of the cases, recommender systems rely only on single ratings
for describing user preferences for items that are emotionally rich.
There is hence a need to fill-in the gap between the acquisition of
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features related to the rich emotional experience of item consump-
tion and the usage of these features in recommender systems.

The research area of affective computing has matured and the
emotion detection algorithms are now available as off-the-shelf
libraries that detect emotions from various modalities (e.g. face,
voice etc.) [4]. One such library was used in our demo for the
elicitation of implicit pairwise references for music [9].

The detection of personality used to be a matter of lengthy ques-
tionnaires [8]. In recent years, methods for inferring personality
unobtrusively from social media [1, 2, 5] or entertainment consump-
tion [10] have been devised.

2 TUTORIAL DESCRIPTION
This tutorial aims at teaching how to build an end-to-end system for
eliciting user preferences while acquiring emotions and personality
for recommender systems. We will focus on the entertainment
domain, although it can be applied to other domains as well.

2.1 Structure
The tutorial is divided in two parts: (i) a lecture, where I will present
the minimum required understanding of emotions and personality
for recommender systems research and (ii) a hands-on part, where
we will learn how to build an interface for preference elicitation
with emotions and personality acquisition.

(1) Lecture
(a) emotions, detection, usage in recsys
(b) personality, detection, usage in recsys

(2) Hands-on
(a) setting up the use case
(b) web interface
(c) adding personality detection
(d) adding emotion detection
(e) wrap-up

2.2 Intended Audience
The tutorial targets early-stage researchers in recommender sys-
tems. They should have a basic understanding of recommender
systems. For the hands-on part, they should have a basic command
of HTML and JavaScript.

3 PRESENTER
Marko Tkalčič is assistant professor at the Free University of
Bozen-Bolzano in Italy. His research focuses on psychological as-
pects of personalization in connection with computational models.
Specific interests include the usage of psychological models (e.g.
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personality, emotions etc.) for improving personalized applications
(e.g. recommender systems) and the usage of social media to infer
the psychological models. He uses diverse research methodologies,
including data mining, machine learning, and user studies.
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